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Prediction of infectious diseases using multiple web data and LSTM

7 e 7 A
Yeongha Kim Inhwan Kim Beakcheol Jang
o ot
4 5
G- LHPARE ARE AEFs %o o5 dF L dilste A2 AFNA Aol & A A o1 o] F2E A F7HA
T AAHE oS3 98 vt AT AT ok 2719 AT F tl RS CDC(Centers for Disease Control and Prevention)
o] A8 diojElo] oEe ATFHEH, CDCAA AlF-3te vlolEl s dFdoll & Tk A2l AAzE Ay 24 AFE 5357 o
Hoe 2ARE 22 AU 3}7(]“& HAZ M7 THo R o8 JHY mfAEe] F4sHA H]O]Eie °H J’é“é-J A
oA Fataat sk A7F AU o] F FE7F AN AT T REES @Y 4 dolEE At X“f‘éé S8k Atk
ST g 9§ HolEE 58 AW 52 "CoVID-19” Zo] FHto] A Al vl e B2 F9 s H]O]Hg FH37
ojg] - o]y e e S 3 32}51 01]?5 s17) ook gE 7N

Utk ol $T= AEY FAS ISM B S T3 o F
g o o 79 ¢ HolEE AMSsE Edo] ©d § dolHE AMgste RURT ASErt U 252 A4S 58 ¥ AY
W o 5o HA RS AdEtaA} gt B Ao s 9§ HolEE AMskE Bd ) St AgkEle “‘aé AHE-ate] g
ol o} Aol gre] TS d &tk 2= 20171 12€ 31 IRE 20193 129 28U 7HA] E 104F E 3] NEWS, SNS, 7
A HolHE FHIUE, o] F 757 I HOEHE, 05 AS HoHE AMEIth A% A3} 7t Algkst Bde o
Aot v g HolHE AR BHle o F AE mu S o A vlelEol tisiA Foj& dAA 7L 094, 0862 71 =k
RMSE T3 019, 0072 71 W2 Qa8 HolFdth

= FAO] L wdeY, AEY A, 4 HolE, 1SV

ABSTRACT

Infectious diseases have long plagued mankind, and predicting and preventing them has been a big challenge for mankind. For
this reasen, various studies have been conducted so far to predict infectious diseases. Most of the early studies relied on
epidemiological dafa from the Centers for Disease Control and Prevention (CDC), and the problem was that the data provided by
the CDC was updated only once a week, making it difficult to predict the number of real-time disease outbreaks. However, with the
emergence of various Internet media due to the recent development of IT technology. studies have been conducted to predict the
occurrence of infectious diseases through web data, and most of the studies we have researched have been using single Web data
to predict diseases. However, disease forecasting through a single Web data has the disadvantage of having difficulty collecting large
amounts of leaming data and making accurate predictions through models for recent outbreaks such as "COVID-19". Thus, we would
like to demonstrate through experiments that models that use mulfiple Web data to predict the occurrence of infectious diseases
through LSTM models are more accurate than those that use single Web data and suggest models suitable for predicting infectious
diseases. In this experiment, we predicted the occurrence of "Malarid" and "Epidemic-parofitis” using a single web data model and the
model we propose. A fotal of 104 weeks of NEWS, SNS, and search query data were collected, of which 75 weeks were used as
leaming data and 29 weeks were used as verification data. In the experiment we predicted verification data using our proposed model
and single web data, Pearson correlation coefficient for the predicted results of our proposed model showed the highest similarity aof
0.94, 0.86, and RMSE was also the lowest af 0.19, 0.07.
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